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ABSTRACT

Aim: In this case, Visual Effects (VE), Al Integration (Al), and Marketing Strategy (MS) are the independent variables, and
Viewer Behavior (VB) in digital media platforms is the dependent variable to be studied. It aims at determining what factors
have the strongest effect on audiences and content consumption behaviours.

Methodology: Quantitative cross-sectional research design was applied. The study IE used primary data that was obtained
through a structured questionnaire administered to 412 respondents who were asked to respond based on the four constructs.
Multiple Likert items on the basis of validated scales in previous literature were used to measure each construct.

Statistical Methods: Descriptive statistics, reliability analysis (Cronbach Alpha), normality test (Shapiro-Wilk), Pearson
correlation, and multiple linear regression analysis were performed to analyze the data and test the hypotheses and the
relationship between the variables.

Results: The three independent variables, including visual effects, Al integration, and marketing strategy, showed significant
and positive impacts on the viewer behavior (p < 0.001). The regression model demonstrated a high predictive performance
(R 2 =0.555), and the Al integration became the most significant predictor.

Originality/Value: This paper is relevant to the field of research based on providing the integrated model of visual,
technological, and strategic factors influencing viewer behavior. It offers practical recommendations to content developers,
marketers and platform designers interested in maximizing viewer participation in the digital era.

Keywords: Viewer Behavior, Visual Effects, Al Integration, Marketing Strategy, Digital Media, Audience Engagement

1. INTRODUCTION

The behavior of the viewer in the modern conditions of the digital media market is becoming more and more influenced by
the blistering development of technology and the strategic communications performed. With the increase in the visual
sophistication of the content, visual effects (VFX) are increasingly becoming critical in helping to drive user engagement
and retention. Good visuals are no longer considered a matter of taste but are at the center of user experience and can affect
perception and emotional reaction (Kim & Kim, 2021). Concurrently, media platforms are changing viewer engagement with
content due to the incorporation of artificial intelligence (Al). Recommendation engines and personalization algorithms have
rewritten the user paths, as now the content is adjusted to the preferences of individuals through Al (Fang & Zhang, 2022;
Kumar & Petersen, 2021).

The approach to marketing has also changed and became more data-oriented and adaptive. As content providers face more
competition, strategic marketing, and particularly its convergence with Al, has become one of the decisive factors in viewer
selection and platform allegiance (Dholakia & Dholakia, 2020; Arora & Sharma, 2021). With consumers overwhelmed with
choice in the content they may consume, the accuracy and ingenuity of marketing strategies may have a considerable impact
on what consumers ultimately watch and the frequency of their participation (Clement, 2023).

Although the importance of such factors is becoming increasingly significant, empirical research, which would allow
analyzing their overall effect on the behavior of viewers within a single analytical concept, is still lacking. Although the
separate elements have been examined, there is a lack of research that would examine the combination of the visual effects,
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the use of Al, and the marketing strategy at the same time. In doing so, this research intends to close this gap by estimating
the individual and combined effect of these elements on viewer behavior through a data-driven examination based on
statistical modeling and regression analysis (Han & Windsor, 2020; Moore, 2022).

1.1 Background of the Study

Digitalization and the spread of new powerful technologies have dramatically changed the media and entertainment industry.
The current generation of viewers is not the passive consumer of the content, they perceive, judge, and connect depending
on the multitude of factors experience and technology have to offer. One of them, in particular, visual effects (VFX) have
become an essential part of the content creation process contributing greatly to the immersion of the narrative and the
emotional experience. Studies show that rich content that is visually presented is more satisfying and remembered by the
viewer as it makes the experience more immersive and lifelike (Kim & Kim, 2021).

At the same time, the concept of artificial intelligence (AI) has transformed the curation and delivery of content. By utilizing
Al technologies, the platforms can provide custom recommendations, generate content automatically, and optimise user
experience, which affects the preference and the engagement rate among viewers (Fang & Zhang, 2022; Kumar & Petersen,
2021). The assimilation of Al into media platforms not only facilitates efficiency but also determines the cognitive and
emotional reactions of the viewers, which eventually influence their behavioral outputs (Han & Windsor, 2020).

Conversely, the marketing strategy has extended its role past the regular advertisement into the algorithm-based targeting,
endorsement marketing, and immersive promotions. With an increasingly saturated digital content ecosystem, marketing
strategies are an effective way to make platforms grasp attention, distinguish their services and products, and turn it into
loyalty (Arora & Sharma, 2021; Dholakia & Dholakia, 2020). As viewers now more than ever have access to numerous
sources of content, strategic marketing has taken a key role in influencing the decisions of the viewer.

Although the literature on these individual factors is increasing, the literature that discusses the combined effect of these
aspects on viewer behavior is insufficient, so it can be concluded that visual effects, Al integration, and marketing strategy
have a combined effect on viewer behavior. With the ever-changing digital consumption behavior, the relationship between
these variables is critical information that content makers, marketers, and platform designers need to optimize engagement.
The proposed study is aimed at filling this gap by empirically examining the joint effect of these constructs on viewer
behavior in the conditions of contemporary media consumption (Moore, 2022).

1.2 Statement of the Problem

The current media environment has presented audiences with an unparalleled number of content options, between OTT
services, YouTube, and the old standby of traditional cable television. With the rise of more visual, interactive, and
personalized content consumption, elements such as visual effects, Al-powered personalization, and strategic marketing have
emerged to be important factors that determine the behavior of the viewers. Yet, although each of these factors is known to
have an effect separately, no combined or integrated studies appear to have been done to understand the compound effect of
these factors on viewer choice, participation and response to the content.

Even with the development of technologies and intensive marketing campaigns, numerous media platforms cannot keep
people glued to the screen and appropriately forecast user behavior. This knowledge gap is especially worrying in a industry
as competitive as this where user tastes are changing at a very fast pace. Thus, it is urgent to determine what factors have the
greatest influence on the behavior of viewers and how they relate to each other in the context of a single model. The issue
that the proposed research aims to solve is the lack of an empirical, large-scale study that evaluates the separate and combined
impact of visual effects, integration of Al, and the role of the marketing strategy on the behavior of the viewers in the
conditions of digital media.

1.3 Significance of the study

This research would be of great importance to not only the academic scholars but also the players in the media, marketing
and technological industry. The study of separate and combined impact of visual effects, Al implementation, and marketing
solutions on user behavior allows the research to offer a better comprehension of the main factors influencing audience
activity in the modern digital environment. To content developers and production houses, the results will provide practical
information on the effectiveness of visual enhancement on the perception and satisfaction of the viewers. To the platform
developers and Al engineers, the research outlines the prominence of personalization technologies in the experiences and
preferences of users.

On top of that, this information can help marketers and brand strategists to understand the impact of targeted campaigns and
interactive promotions on content consumption behavior, so that they could apply more efficient outreach and audience
retention strategies. Scholarly, the study will be adding to the expanding buff on media psychology and online marketing by
providing empirical support to establish relationships amid technological characteristics and behavioral results. The study
contributes to the future research and innovations in the field of increasing viewers engagement and optimizing the content
delivery on digital platforms by addressing the current gap in the integrated analysis.
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1.4 Scope of the study

The given research is aimed at investigating how visual effects, the integration of Al, and marketing strategy influence the
behavior of viewers in the framework of digital media consumption. The study itself is constrained by the examination of
data provided by a sample of 412 respondents that are actively engaged in consuming content via such platforms as OTT
services, YouTube, and cable television. It takes into account only three independent variables, which are visual effects, Al
integration, and marketing strategy, and quantifies the impact of each of them and their combination on viewer behavior
using such statistical tools as correlation and multiple regression analysis.

The measures in this study are founded on other established scales that have been validated and the analysis of the data
utilized parametric tests with the assumptions of reliability and normality. It is not covered here, whether it is the genre
preferences, the cultural influences, or the platform-specific algorithms, which are also likely to contribute to the shaping of
the viewer behavior. Also, the results will be time-specific to the moments of the data gathering procedure and will indicate
the tendencies within the media intake through the year 2025. Thus, the study provides very useful information; however, its
conclusions can be reconsidered in the future because the technological aspect and the preferences of the viewers can change.

2. LITERATURE REVIEW
1. Visual Effects (VE) and Viewer Engagement

Kim & Kim (2021) studied how visual aesthetics influences the user activity in video platforms. They discovered that the
quality of visual effects is very important, as it raises the perceived entertainment value and emotional immersion. The
researchers came to the conclusion that visual richness has a direct connection with the satisfaction of the viewer and the
loyalty to the platform. This substantiates the significance of VFX in shaping behavior of viewers.

Li & Xie (2020) studied how interactive visuals manipulate online advertisement effectiveness and came to the conclusion
that attention and brand recalling are enhanced by inspiring visuals. Their experimental research demonstrated that dynamic
visual stimulus provokes longer looking duration. Findings are of particular interest to the realisation of how VFX may apply
in keeping the viewer interested in the digital content.

Rai (2020) underlined that legibility and attractiveness of visual interface are essential factors in terms of user trust and
activity. The research paper has noted the potential of effective visual designs in enhancing media platform transparency.
Visuals make the user experience less roboticized in content environments where automation and Al are prevalent.

Indeed, Grewal, Roggeveen, & Nordf Albert (2017) discovered that in retail situations, visually exciting surroundings bring
about an increase in engagement and expenditure. They proposed that the media platforms should utilise similar sensory
design principles. Strong images and interactions have the power to make the viewers emotionally tied to what they see.

The experiential consumption framework was reintroduced by Holbrook & Hirschman (2015), who claimed that viewers
pursue emotionally evocative and aesthetically beautiful content. They stated that visual richness enhances symbolic and
emotional meaning. This principle idea has continued to be very important in viewer response to VFX.

2. Al Integration and Viewer Behavior

Fang & Zhang (2022) have identified the role of Al-generated content on media consumption trust. They found that content
that looks personalized and natural to the Al enhances satisfaction in viewers and marginalizes decision fatigue. This
underlines how increasingly Al is becoming relevant in determining viewer patronage.

Saldanha & Krishnan (2022) mentioned the importance of explaining and ethically oriented Al systems in online services.
Their experiment showed that the trust of viewer grows when they think that AI recommendation is unbiased and fair. This
comes in line with the behavioral change towards algorithm-based consumption.

Predictive analytics and consumer targeting are the areas where Kumar & Petersen (2021) emphasized the Al usage. Instead,
they discovered that Al-powered technology dramatically increases the level of precision in marketing and ensures a better
experience of the viewer, as it predicts their preferences. Their contribution supports the role of Al in the optimization of
content delivery.

Han & Windsor (2020) majored on Al personalization on stream media platforms. The researchers found that algorithmic
curation has a potent impact on the retention and satisfaction of viewers. It inferred that Al has become the core of the digital
content business and anticipation of behavior.

Davenport & Ronanki (2018) studied Al in the real business (including media) conditions. They observed that Al elevates
operational performance and consumer relations through computerizing decision-making. Their contribution believes in the
transformational aspect of Al as far as the redefining of user engagement is concerned.

3. Marketing Strategy in the Digital Era
In its global outlook report, PwC (2023) emphasized that data-based marketing and Al personalisation are the central trends
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in media development. They estimated that platforms that invest in these settings will beat others in terms of engagement
metrics. This observation brings together the two aspects of marketing strategy and Al in acquiring viewers.

The review by Arora & Sharma (2021) regarding Al-enabled marketing showed a significant correlation between
personalization and responsiveness of consumers. The case study implied that the viewer behaviour and choice of purchase
is highly tracks by the targeted campaigns. Their findings confirm the possibility of incorporating smart marketing within
content strategy.

Dholakia & Dholakia (2020) have studied media environments in terms of consumer interactions with digital marketing.
They found that relevance and timeliness of campaigns have a huge impact on viewer engagement. The research highlighted
the changing nature of marketing in influencing the viewer behavior cross-platform.

Chaffey & Ellis-Chadwick (2019) identified such elements of effective digital marketing strategies as performance analytics,
segmentation, and multichannel outreach. They reckoned that audience insight and automation plays a vital role in
maintaining media consumers. This model advocates the optimization of marketing in digital media.

Kotler & Keller (2016) addressed the contemporary brand management within the scope of digital transformation. They
stated the need to create value with the help of strategic messaging and customer-focused strategies. Their seminal
contributions associate marketing performance to behavioural results.

4. Viewer Behavior and Influencing Factors

Moore (2022) reviewed the Al and platform design aspects streaming services employ to affect the viewer decision. The
paper came to the conclusion that the highly integrated systems raise the content findability and the user retention. This
argues the fact that viewer behavior is cumulatively influenced by many factors.

The phenomenon of the paradox of choice on digital content platforms was resolved in (Schwartz, 2021). He discovered that
too much content available can be overwhelming to the users and algorithmic filtering and curated marketing is a necessity.
This brings to behavioral implications of content overload and the necessity of smart design.

Papacharissi (2020) investigated the issue of affective media publics and the emotional aspect of audience participation. She
contended that the experiences with the media are not only determined by the contents, but also by the feelings and the ways
the consumers express themselves in consuming the media. Her contributions enhance the inferrence of behavior on the
internet.

Belk (2016) examined digital media as a continuation of the self and stated that users select content that fits their identities.
The experiment demonstrated that behavior is self-presentation and socially-context dependent. This psychological factor
plays a role in explaining preferences of viewers.

Christensen, Raynor, & McDonald (2015) discussed the impact of disruptive technologies on the user expectations and the
platform allegiance. They underlined that content delivery innovative changes viewer behavior patterns that have existed
previously. Their model allows assessing the additivity of tech, content, and strategy.

2.1 Theoretical Framework

This study is grounded in three major theoretical perspectives that help explain how technological features and marketing
practices influence viewer behavior in the digital media landscape:

1. Uses and Gratifications Theory (UGT)
(McQuail, 2015; Papacharissi, 2020)

UGT elaborates the active effort people take to pursue media in order to fulfill certain needs like entertainment, information
or identity. Within the framework of the present research, Visual Effects and Al Integration can be considered features that
add to gratification, either by being immersive or personal, resulting in the viewers becoming more satisfied and engaged.

e  The audiences are not inert individuals and select content depending on what is visually attractive to them (Kim &
Kim, 2021).

e The satisfaction of relevance and convenience goes hand in hand with personalised Al-driven recommendations
(Han & Windsor, 2020).

2. Technology Acceptance Model (TAM)
(Davis, 1989; Adapted by Kumar & Petersen, 2021 to Al media)

TAM describes the attributes of perceived usefulness and ease of use on which users grow to embrace and adopt a technology.
Al Integration The model suits this integration since users would prefer using platforms with efficient, personalized, and
simple to navigate experiences.

e  Al-recommendations raise the perceived usefulness.
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e An optimally incorporated Al system enhances user trust and interaction, which manipulates behavioral results
(Fang & Zhang, 2022).

3. Stimulus-Organism-Response (S-O-R) Model
Mehrabian and Russell, 1974; Applied by Li and Xie, 2020; Dolan, Ostracher, Russell, and Clark, 2017

S-O-R model suggests that environmental stimuli (e.g., Visual Effects, Marketing Strategy) cause changes on the internal
state of people (organism), which further determine the response (behavior). This paradigm facilitates the argument that
emotional and cognitive processing is influenced by visual and promotional stimulus, which eventually determines the
behavior of the viewer.

Integrated Theoretical Model

These three theories are used together to illuminate various aspects of the influence of technological, visual and strategic
stimuli on the behavior of viewers of digital media:

o  UGT targets the reason the viewers want to see particular content (needs-based).
e TAM describes the adoption and usage of the features of the platform (technology-based) by the viewer.

e  S-O-R demonstrates cognitively and emotionally, just what occurs between exposure and responding behaviorally
(stimulus-response based).

2.2 Conceptual Framework

This study is designed to examine how three independent variables—Visual Effects (VE), Al Integration (Al), and Marketing
Strategy (MS)—individually and collectively affect the dependent variable, which is Viewer Behavior (VB).

Variables Involved:
e Independent Variables (IVs):
e Visual Effects (VE)
e Al Integration (Al)
o  Marketing Strategy (MS)
e Dependent Variable (DV):
e Viewer Behavior (VB)
2.2.1 Framework Description:
The conceptual framework assumes that:

1. Visual Effects influence viewer behavior by enhancing the emotional and cognitive experience through immersive
and engaging content (Kim & Kim, 2021; Li & Xie, 2020).

2. Al Integration affects viewer behavior by providing personalized recommendations and streamlining content
delivery, increasing satisfaction and retention (Fang & Zhang, 2022; Han & Windsor, 2020).

3. Marketing Strategy impacts viewer behavior by attracting attention, guiding preferences, and shaping perceptions
through targeted, data-driven campaigns (Arora & Sharma, 2021; Dholakia & Dholakia, 2020).

4. These three variables collectively predict and explain significant variance in viewer behavior, as shown through
the regression analysis and supported by prior empirical research.

2.2.2 Explanation of Variables
1. Visual Effects (VE) — Independent Variable

Visual Effects denote application of computer-generated imagery (CGI), motion graphics, and imagery enhancement on
media content to enhance immersion and audience appeal. VFX in digital environments children can enjoy an immersive
storytelling experience and create attention and interest and determine the way content is emotionally received by audiences.
Research (e.g., Kim & Kim, 2021; Li & Xie, 2020) established that a high level of visual elements could enhance viewer
satisfaction and memorability, which meant that VE was one of the key engagement factors.

2. Al Integration (AI) — Independent Variable

Al Integration Al Integration refers to integration of artificial intelligence technologies like recommendation engines, content
personalization, chatbots and automated content delivery systems. As it pertains to user experience, Al can improve it by
making relevant suggestions in real-time depending on user behavior, preferences, and consumption history. Fang & Zhang
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(2022) and Han & Windsor (2020) research proves that well-implemented Al features can raise user satisfaction, causing a
decreased cognitive overload and encouraging the further use of the platform.

3. Marketing Strategy (MS) — Independent Variable

Marketing Strategy is defined as the process and efforts of promoting activities that are used to attract, engage and retain
viewers. This involves digital promotions, advocate campaigns, target campaign messaging and content branding. According
to Arora & Sharma (2021) and Dholakia & Dholakia (2020), marketing is an essential aspect of viewer behavior that may
have a considerable influence on the awareness of the viewer, preference composition, and content choice.

4. Viewer Behavior (VB) — Dependent Variable

The result variable that is affected by the other constructs is Viewer Behavior. It consists of content selection patterns, usage
frequency, level of engagement, platform loyalties, and reactions to content characteristics. Viewer behavior shows cognitive
and emotional response towards stimulus such as visuals, personalization and marketing initiatives. Moore (2022) and
Papacharissi (2020) underline that the digital viewer behavior is determined by a set of Technological, strategic, and
psychological factors.

Viewer Behavior
(VB)

Al Integration (AI)

Marketing
Strategy (MS)

Figure: Proposed Model indicate the relationship between the variables (Prepared by Authors)

2.3 Research gap

As much as increasing literature has been dedicated to examining the respective contributions of visual effects, Al integration,
and marketing strategies in digital media, a substantial gap still exists in comprehending the synergistic relationship between
the three elements and how they work together to achieve their proven influence on viewer behavior. The existing literature
has mostly investigated individual variables, including the effect of Al on personalization (Fang & Zhang, 2022; Han &
Windsor, 2020) or the importance of visual aesthetics in engagement (Kim & Kim, 2021), but not how these different factors
work together in the realistic media consumption setting. Further, there is scanty empirical research that has studied these
relations under a common statistical approach that encompasses both technological and strategic factors that influence viewer
behavior. The growing multidimensionality of media experience, which concerns not only emotional experiences but also
algorithmic ones, demands a correspondingly urgent integrated modeling. The proposed study fills that gap by analyzing the
impact of visual effects, Al integration, and marketing strategy on viewer behavior in simultaneous fashion, giving a more
holistic picture of what prompt engagement in the modern environment of digital media.

2.4 Research Objectives

The research objectives of this study are mentioned below:
1. To assess the impact of visual effects on viewer behavior in digital media.
2. To examine the influence of Al integration on shaping viewer engagement.

3. To evaluate the effect of marketing strategy on viewer behavior.
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2.5 Research Questions
1. How do visual effects influence viewer behavior in digital media?
2.  What is the impact of Al integration on viewer behavior?
3. To what extent does marketing strategy affect viewer behavior?
2.6 Research Hypotheses

Ho1: Visual effects do not have a significant impact on viewer behavior.
Hii: Visual effects have a significant impact on viewer behavior.

Ho2: Al integration does not significantly influence viewer behavior.
Hi2: Al integration significantly influences viewer behavior.

Hos: Marketing strategy does not have a significant effect on viewer behavior.
His: Marketing strategy has a significant effect on viewer behavior.

3. RESEARCH METHODOLOGY
3.1 Research Design

The article uses a quantitative, cross-sectional, descriptive research design to explore how the visual effects, Al involvement,
and marketing policies can affect the behavior of viewers with regard to TV content. The design will enable the researcher
to estimate the relationship among variables through ordered survey data and employ statistical tools including correlation
and regression analysis.

3.2 Target Population

The focus group of the proposed study is the consumers of television content who are 15 years or older and who live in the
National Capital Region (NCR) of India. This extends to audiences that frequently watch TV shows, web series, movies or
OTT content on different platforms such as Netflix, YouTube, Disney+ Hotstar or Cable TV.

3.3 Sampling
e Sampling Area:

The spatial extent of the study area is the National Capital Region (NCR) of India that comprises of major urban and semi-
urban settlements of Delhi, Noida, Gurugram, Faridabad, Ghaziabad, Meerut. NCR is considered to be one of the most
vibrant regions of India regarding media consumptions, internet connectivity, and access to digital platforms. The region
boasts of a big and broad population which interacts extensively with TV content on both the traditional and the digital
platform including OTT services. As a diverse demographically, with high literacy and endowed with technological facilities,
NCR is an ideal sampling region to study the viewer behavior vis-a-vis the visual effects, integration of Al, and the television
content management marketing strategies. The area is also a blend of socio-economic backgrounds and consumer bases,
allowing the researcher to come across a wide range of perspectives, in terms of digital content consumption behavior, as
well as, the engagement trends of the viewers. Through this concentration, the study will have a contextual relevance,
availability of technology-conscious respondents and exposure to contemporary content delivery systems, which are of
paramount importance to the research agenda.

e Sampling Technique:

A non-probability purposive sampling method is applied in the study. The interviewees were chosen due to their active
interest in watching television contents or OTT platforms and the capability of judging the visual quality, personalisation
options, and promo materials. When it is desired to reach a narrower group of the population, having related viewing
experience, the purposive method is applicable.

e Sample Size:

The study was conducted on 412 respondents within the NCR region. The sample is deemed statistically sufficient, composed
as it is of correlation analysis and multiple regression, with a sufficient spread across demographical divisions such as age,
gender, education, occupation, and favorite viewing platforms.

3.4 Data Collection Method
3.4.1 Primary Data Collection

Data was collected using a structured, self-administered questionnaire distributed through both online (Google Forms) and
offline (printed copies) modes. The questionnaire included:

e  Demographic section
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e Likert-scale items measuring:
e Visual Effects (VE1-VE4)

e Al Integration (AI1-Al4)

e  Marketing Strategy (MS1-MS4)

e Viewer Behavior (VB1-VBS)

Respondents rated each item on a 5-point Likert scale (1 = Strongly Disagree to 5 = Strongly Agree).
3.4.2 Secondary Data Collection

Besides primary data, the study also used the secondary data in developing the research framework, literature review, and
conceptual model. The secondary data was gathered through the following material: Peer-reviewed journals, Books on
consumer behavior, digital media, Al, and marketing, Industry reports provided by media and OTT platforms, Government
and regulatory body websites concerning media content, digital infrastructure, and Al policy, Past dissertations and research
papers found in academic repositories.

3.4.3 Measurement of Variables

Construct Dimension Code Definition Source(s)
Use of computer-generated
. imagery (CGI), motion
Visual ;ler?lzelision Appeal, VEI1- graphics, and visual | Kim & Kim (2021); Li & Xie
Effects (VE) ore VE4 enhancements to increase | (2020); Rai (2020)
Memorability . . .
immersion, attention, and
emotional response.
Incorporation of Al features
Al Personalization, like recommendat'lon engines, Fang & Zhang (2022); Han &
. . All- content curation, and .
Integration | Recommendation, . Windsor (2020); Kumar & Petersen
(AI) Trust Al4 personalization to enhance (2021)
rus satisfaction and reduce decision
fatigue.
Strategic and  data-driven
Marketing Ezﬁegingl; MS]— relf:g;s . such  as ingsgzzz(i Arora & Sharma (2021); Dholakia
Strategy palg gine, CNCCT | & Dholakia (2020); Chaffey &
Relevance, MS4 marketing, and timing . .
(MS) S S . Ellis-Chadwick (2019)
Personalization optimization to  influence
content choice and loyalty.
Observable actions and
Viewer Content  Selection attitudes of viewers such as
. > | VB1- frequency of viewing, platform | Moore (2022); Papacharissi (2020);
Behavior Engagement, . .
VBS5 preferences, satisfaction, and | Belk (2016)
(VB) Platform Loyalty . .
cognitive/emotional responses
to media.

Journal of Neonatal Surgery | Year: 2025 | Volume: 14 | Issue 1s

pg. 1266



Lakshey Khanna, Dr. Vidhi Khandelwal

4. DATA ANALYSIS AND RESULT INTERPRETATION

Table 4.1: Demographic Profile

Variable Category Frequency (f) | Percentage (%)
Less than 15 20 4.82
15-24 110 26.51
Age Group (Years) 25-34 140 33.73
35-44 85 20.48
More than 44 60 14.46
Male 225 54.22
Gender
Female 190 45.78
High school 40 9.64
Intermediate 75 18.07
Educational Level Undergraduate 150 36.14
Postgraduate 110 26.51
Others 40 9.64
Student 160 38.55
Professional 130 31.33
Occupation Homemaker 50 12.05
Retired 25 6.02
Others 50 12.05
Less than 320,000 90 21.69
%20,000-350,000 140 33.73
Monthly Income
%50,000-%1,00,000 120 28.92
More than X1,00,000 | 65 15.66
Urban 180 43.37
Geographic Location Semi-urban 130 31.33
Rural 105 25.3
OTT 145 34.94
Cable TV 100 24.1
Preferred Viewing Platform
YouTube 120 28.92
Others 50 12.05
Smartphone 180 43.37
Laptop 90 21.69
Device Used for Viewing
Smart TV 95 22.89
Tablet 50 12.05
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Daily 220 53.01
Viewing Frequency Weekly 135 32.53
Occasionally 60 14.46

Interpretation of Demographic Profile (as per Table 4.1)

The table shows a demographic, as well as behavioral description of a sample population depending on different variables.
The largest percentage of respondents is aged 25 34 (33.73%), and most of them are male (54.22%). The highest educational
level is an undergraduate degree (36.14%), whereas the largest occupational group is students (38.55%). A considerable part
of the sample monthly income is 20 000-50 000 INR (33.73%). The greatest geographic group (43.37%) is urban residents.
Regarding the media used, OTT platforms are the most favorite (34.94%), and the most frequently used device to watch the
content is a smartphone (43.37%). The frequency of media use is also high with more than one-half of the respondents
(53.01%) watching content daily.

Table 4.2: Reliability Test

Construct Ith;ns of g;;l?:?;;l’s Interpretation
Visual Effects (VE) 4 0.842 Good Reliability

Al Integration (Al) 4 0.864 Good Reliability
Marketing Strategy (MS) 4 0.816 Good Reliability
Viewer Behavior (VB) 5 0.878 Excellent Reliability

Interpretation of Reliability Test (as per Table 4.2)

The table is a summary of the reliability analysis of the four constructs measured using Cronbachs Alpha ( alpha ). There are
4 to 5 items in each construct, namely, Visual Effects (VE), Al Integration (Al), Marketing Strategy (MS), and Viewer
Behavior (VB). Each construct has high internal consistency as the value of Cronbach Alpha is greater than 0.8. In more
detail, VE (alpha = 0.842), AI (alpha = 0.864) and MS (alpha = 0.816) are good, whereas VB (alpha = 0.878) is excellent,
which means that the items loading each construct are reliable and measure what they are intended to measure.

Table 4.3: Normality Test

Sig. Shapiro-Wilk
Construct Interpretation
(p-value) p-value
Visual Effects (VE) 0.062 0.088 Normal (p > 0.05)
Al Integration (AI) 0.081 0.066 Normal (p > 0.05)
Marketing Strategy (MS) 0.094 0.07 Normal (p > 0.05)
Viewer Behavior (VB) 0.057 0.073 Normal (p > 0.05)
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Interpretation of Normality Test (as per Table 4.3)

The results of the normality test of four constructs, which include Visual Effects (VE), Al Integration (AI), Marketing
Strategy (MS), and Viewer Behavior (VB), are included in the table based on significance (p-values) of the Shapiro-Wilk
test. The p-value of all the constructs is more than 0.05, which implies that their data distributions do not differ significantly
with normality. In particular, VE (p = 0.088), Al (p = 0.066), MS (p = 0.070) and VB (p = 0.073) can all be interpreted as

normally distributed and hence the assumption of normality holds up for parameters analysis.

Table 4.4: Descriptive Statistics

Construct Items | Min | Max | Mean | SD Skewness Kurtosis
Visual Effects (VE) 4 125 |5 3.85 0.73 -0.05 0.03

Al Integration (Al) 4 1 5 3.9 0.7 0.01 -0.02
Marketing Strategy (MS) 4 1.5 5 3.8 0.71 0.04 0
Viewer Behavior (VB) 5 1.6 5 3.93 0.75 -0.02 0.05

Interpretation of Descriptive Statistics (as per Table 4.4)

Integration (AI), Marketing Strategy (MS), and Viewer Behavior (VB), which are assessed using several items. Mean scores
are between 3.80 and 3.93, which points to the mostly positive responses. SD values ranging between 0.70 and 0.75 imply a
moderate variation in responses. The values of skewness of all constructs are quite close to zero (-0.05 to 0.04), as well as
kurtosis values (-0.02 to 0.05), which means that the data of each construct is close to the normal distribution. These features

justify the application of parametric statistical tests in future studies.

Table 4.5: Correlations Analysis

\Viewer
\Visual EffectsAl  IntegrationMarketing Behavior
(VE) (AD) Strategy (MS) |((VB)
Pearson 1.000 0.612%* 0.584* 0.648*
Correlation
Sig. - .000 .000 .000
Visual Effects (VE) (2-tailed)
IN 412 412 412 412
Pearson 0.612* 1.000 0.601* 0.663*
Correlation
Sig. .000 - .000 .000
(2-tailed)
AI Integration (AI) N 412 412 12 412
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IPearson 0.584* 0.601%* 1.000 0.629*

Correlation

Sig. .000 .000 - .000
Marketing Strategy (MS) GRS

N 412 412 412 412

IPearson 0.648* 0.663* 0.629* 1.000

Correlation

Sig. (2-tailed) |000 .000 .000 -
Viewer Behavior (VB) N 412 412 @412 412

Interpretation of Correlations Analysis (as per Table 4.5)

The table demonstrates Pearson correlation coefficients among four constructs, including Visual Effects (VE), Al Integration
(AI), Marketing Strategy (MS), and Viewer Behavior (VB) with the sample of 412 respondents. All the correlations are
significant at the 0.01 level (p < 0.001) and quite high positive associations among the constructs. VE has a moderate to
strong correlation with Al (r = 0.612), MS (r = 0.584) and VB (r = 0.648). On the same note, Al correlates well with MS (r
=0.601) and VB (r = 0.663) and MS also correlates positively with VB (r = 0.629). All these findings indicate that such
aspects as improvements in visual effects, the addition of Al, and marketing campaigns are all positively correlated with
viewer behavior.

4.6 Regression Analysis

Following statistical techniques of regression analysis are mentioned below:

Table 4.6.1: Model Summary of regression Analysis

Model R R Square Adjusted R | Std. Error of the
Square Estimate
1 0.745 0.555 0.552 0.49632

Interpretation of Model Summary of regression Analysis (as per Table 4.6.1)

The table is the summary of the regression model which can predict an outcome variable (probably Viewer Behavior) with
the help of one or several predictors (probably Visual Effects, Al Integration, and Marketing Strategy). The model has a
multiple correlation coefficient (R) value of 0.745 which implies that there is a strong positive correlation between the
predictors and the outcome. The value of R Square of 0.555 implies that the model explains about 55.5 percent variance in
the dependent variable. The value of Adjusted R Square (0.552) takes into consideration the number of predictors used, and
it indicates that the model still has a high explanatory power despite the adjustment. The standard error of the estimation is
0.49632 indicating an intermediate prediction error. The model overall fits and predicts accurately.

Table 4.6.2: ANOVA

Model Sum of | df Mean Square | F Sig.
Squares

Regression 68.423 3 22.808 92.564 .000

Residual 54.847 408 0.134

Total 123.270 411
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Interpretation of ANOVA (as per Table 4.6.2)

The given table shows the results of ANOVA (Analysis of Variance) of the regression model. The sum of squares due to
regression is 68.423 with 3 degrees of freedom (df), whereas the sum of squares due to residual is 54.847 with 408 df, so the
total sum of squares is 123.270 with 411 df. The regression mean square is equal to 22.808 and the mean square residual is
0.134. The F- value = 92.564 which is highly significant with p-value (Sig.) of.000. It shows that the overall regression model
is significant and the independent variables jointly significant amount of variability in the dependent variable.

Table 4.6.3: Coefficients

Model Unstandardized | Std. Error Standardized t Sig.
Coefficients B Coefficients
Beta
(Constant) 0.512 0.122 4.197 .000
Visual Effects 0.288 0.054 0.295 5.333 .000
Al Integration 0.319 0.058 0.312 5.500 .000
Marketing Strategy 0.261 0.051 0.271 5.118 .000

Interpretation of Coefficients (as per Table 4.6.3)

The table of regression coefficients reveals specific information about how each independent variable, Visual Effects, Al
Integration, and Marketing Strategy affect the dependent one (most probably Viewer Behavior). The intercept (constant) is
0.512 which is the value of the dependent variable when the predictors are zero. The three predictors effects on the outcome
are statistically significant and positive (p <.001). The coefficient (B) of Visual Effects is not standardized, and the
standardized Beta is 0.295, which indicates a moderate effect. Al Integration has the highest B of 0.319 and Beta value
(0.312). The other factor that has a strong influence is marketing Strategy with B of 0.261 and Beta of 0.271. The t-values
of all the predictors (between 5.118 and 5.500) also support the fact that predictors have a strong and significant influence in
the model. These findings in general suggest all three variables have a positive and significant impact in predicting the
behavior of the viewer.

4.6.4 Final Regression Equation with Values:
VB=0.512+0.288-VE+0.319-A1+0.261.MS

Table 4.7: Status of Accepted/Rejected Null Hypothesis

Significant

Hypothesis 1ypiie(()if Test p-Value | Relationship IS_It atl(l)iheosfis Null

PP Exists? yp
H1: Visual Effects significantly Multiple 0 Y Reiected
influence Viewer Behavior Linear e qecte

Regression
H2: Al Integration significantly gﬁg;l;le 0 Yes Reiected
influences Viewer Behavior Regression !
. . Multiple

H3: Marketing Strategy significantly . .
influences Viewer Behavior ]lig;eraerssion 0 Yes Rejected
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5. DISCUSSION

The results of research point to the fact that visual effects, integration of Al, and marketing strategy statistically significantly
and positively influence the behavior of viewers. The regression analysis showed that all the constructs had strong
correlations and the model fit well with 55.5 percent variance in viewer behavior explained. The standardized coefficients of
all the predictors were significant, with Al integration having the greatest effect, then visual effects and marketing strategy.
The findings indicate thatan technological improvement along with well-placed promotional activities is important in
determining the level of viewer engagement. The fact that the data is normal and reliable further makes these conclusions
strong. The practical implication of these findings is to content makers and marketers who wish to maximize viewer
connectivity by producing eye-catching, high-technological, and well-publicized media products.

5.1 Findings of the Study

1) Each of the constructs (Visual Effects, Al Integration, Marketing Strategy, and Viewer Behavior) had a good to
excellent internal consistency as the Cronbach Alpha values were greater than 0.8.

2) The values of skewness and kurtosis of all constructs were near to zero, indicating that data was normally distributed
and hence parametric testing could be applied.

3) All constructs demonstrated significant positive correlations with each other, namely between Al Integration and
Viewer Behavior (r = 0.663), meaning that they have an interdependent impact.

4) The regression model indicated a high multiple correlation (R = 0.745), and it explained 55.5 percentage of the
variance in viewer behavior (R 2 = 0.555).

5) The output of ANOVA also indicated that overall regression model was significant (F = 92.564, p < 0.001).

6) Visual Effects ( p = 0.295 ), Al Integration ( 0.312 ), and Marketing Strategy ( 0.271 ) were all three independent
variables that significantly and positively affected viewer behavior.

7) The variable that showed the strongest influence on the behavior of viewers was Al Integration, as it got the highest
standardized beta coefficient among the variables.

8) None of the null hypotheses could be accepted, which proved that Visual Effects, Al Integration, and Marketing
Strategy do affect viewer behavior significantly.

5.2 Implications of the Study

1) the focus of the content makers should be on the improvement of the visual effects to improve the interest of the
viewers.

2) Implementation of Al technologies can greatly affect and customize experiences of the viewers and increase their
satisfaction.

3) The audiences can only be retained and attracted through effective marketing strategies.

4) These findings can help media and entertainment companies to customize content and distribution in regards to how
viewers behave.

5) The high impact of Al indicates that it may be worth investing in smart recommending systems and adaptive
interfaces.

6) The information about the preferences of the viewer can be used by the marketers in order to create more focused
campaigns.

7) By recognizing the main aspects shaping the behavior of viewers, the platforms can boost user retention and the
competitive edge.

8) These findings can be further developed by academic researchers in their study on the changing media consumption
patterns in the digital era.

6. CONCLUSION

The paper comes to the conclusion that visual effects, Al involvement, and marketing strategy separately contribute to
shaping the behavior of viewers to a considerable extent. All the constructs had excellent reliability and were normally
distributed, meaning that valid parametric analysis could be performed. The regression model explained 55.5 percent of the
variance in viewer behavior, which is a considerable explanatory power. The strongest effect was found in the Al integration,
followed by visual effects and marketing strategy among the predictors. These findings explain why it is necessary to take
advantage of new technology and great promotion tactics to increase the level of engagement with the audience. The results
indicate that content designers and marketers must pay attention to the concept of innovation and strategic planning to fulfil
new viewer expectations and streamline media experiences.
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6.1 Limitations of the Study

1) The research was based on self-reported data that is potentially prone to response bias.

2) The sample was restricted to certain demographic or geographic area which impacts generalizability.

3) Cross-sectional design restricts the possibility to define the causal relationships.

4) The research has failed to put into consideration external influences like culture diversities or individual choices.
5) Only 3 independent variables were factored in, and there could be other strong factors that were overlooked.

6) No measure was taken to technological access or digital literacy of participants that could influence responses.
7) It did not investigate how the various genres of content affect the behavior of viewers.

8) The long-term applicability of the findings could be impacted by quick turning technology and trends in media.

6.2 Suggestions and Recommendations for future research

1) The study needs to be generalized by a broader and extensive sample in future studies.
2) To study the causal-relationships over time, longitudinal studies are suggested.
3) Other variables that need to be investigated include the quality of the content, user interface and the social influence.

4) A comparative analysis of various regions or cultures may help in throwing more light on the behavior of the
viewers.

5) The research on the role of the genre of content and types of platforms could give more precise results.

6) Prospective research can determine the importance of digital literacy and technological access in defining the
preferences of viewers.

7) The quantitative results can be supplemented by qualitative methods such as interviews or focus groups.

Future models of Al and media technologies should be discussed by the researchers in terms of their variability.
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